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A Comparative Study of LoRA Injection Points for Domain Adaptation in
RNN/LSTM-based Network Intrusion Detection Systems.
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Table 1. Performance Comparison by LoRA Location

Referen LoRA
Model elerence Test dataset application Accuracy Precision Recall Fl-score
dataset .
location
None 0.7614 0.0970 0.0497 0.0657
Input layer 0.8929 0.9485 0.3866 0.5493
KDD99 CICIDS2017 Hidden layer 0.8860 0.6985 0.5717 0.6288
RNN FC layer 0.8860 0.7028 0.5632 0.6253
None 0.6838 0.3271 0.2806 0.3021
Input layer 0.9561 0.8680 0.9669 0.9148
CICIDS2017 KDD9%) Hidden layer 0.9900 0.9894 0.9694 0.9793
FC layer 0.9786 0.9925 0.9191 0.9544
None 0.8224 0.4610 0.3043 0.3666
Input layer 0.8079 0.4565 0.7206 0.5589
KDD99 CICIDS2017 Hidden layer 0.8804 0.7376 0.4530 0.5613
LSTM FC layer 0.8663 0.6421 0.4708 0.5433
None 0.6562 0.3050 0.3202 0.3124
Input layer 0.9575 0.8698 0.9711 0.9176
CICIDS2017 KDD39 Hidden layer 0.9824 0.9777 0.9496 0.9634
FC layer 0.9581 0.8825 0.9557 0.9176
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