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¥ 1. Baseline®} Defense® A% B3 (T9]: %)
Table 1. Performance Comparison between Baseline and Defense (Unit: %)

Dataset Setting Clean (%) MIA (%) Adv ASR (%) Robust (%) AGG ASR (%)
Baseline 98.6400 0.1202 96.9700 3.0300 81.2600
MNIST
Defense 98.4800 0.0801 27.6800 72.3200 2.0800
Baseline 84.8100 0.0401 100.0000 0.0000 48.3100
CIFARI10
Defense 74.6700 0.0200 65.4800 34.5200 38.3500
Baseline 89.1791 0.0520 64.1791 35.8209 34.3284
MHEALTH
Defense 87.5000 0.0080 50.3731 49.6269 19.9627
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